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As sensors improve in both bandwidth and quantity over time, the need for high performance sensor 
fusion increases. This requires both better (quasi-linear time if possible) algorithms and parallelism. 
This demonstration uses financial and seismic data to show how two state-of-the-art algorithms 
construct indexes and answer similarity queries using Spark. Demo visitors will be able to choose 
query time series, see how each algorithm approximates nearest neighbors and compare times in a 
parallel environment. 
 
UnFOOT: Unsupervised Football Analytics Tool 
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Labelled football (soccer) data is hard to acquire and it usually needs humans to annotate the match 
events. This process makes it more expensive to be obtained by smaller clubs. UnFOOT (Unsupervised 
Football Analytics Tool) combines data mining techniques and basic statistics to measure the 
performance of players and teams from positional data. The capabilities of the tool involve 
preprocessing the match data, extraction of features, visualization of player and team performance. 
It also has built-in data mining techniques, such as association rule mining and subgroup discovery. 
 
ISETS: Incremental Shapelet Extraction from Streaming Time Series 
Jingwei Zuo, Karine Zeitouni, Yehia Taher (Université de Versailles-St-Quentin) 
 
In recent years, Time Series (TS) analysis has attracted widespread attention in the community of Data 
Mining due to its special data format and broad application scenarios. An important aspect in TS 
analysis is Time Series Classification (TSC), which has been applied in medical diagnosis, human activity 
recognition, industrial troubleshooting, etc. Typically, all TSC work trains a stable model from an off-
line TS dataset, without considering potential Concept Drift in streaming con-text. Conventional data 
stream is considered as independent examples (e.g., row data) coming in real-time, but rarely 
considers real-valued data coming in a sequential order, called Streaming Time Series. Processing such 
type of data, requires combining techniques in both communities of Time Series (TS) and Data 
Streams. To facilitate the users' understanding of this combination, we propose ISETS, a web-based 
application which allows users to monitor the evolution of interpretable features in Streaming Time 
Series. 
  


