
Full Terms & Conditions of access and use can be found at
https://www.tandfonline.com/action/journalInformation?journalCode=nlps20

Leadership and Policy in Schools

ISSN: 1570-0763 (Print) 1744-5043 (Online) Journal homepage: https://www.tandfonline.com/loi/nlps20

When Data Teams Struggle: Learning from Less
Successful Data Use Efforts

Kim Schildkamp & Amanda Datnow

To cite this article: Kim Schildkamp & Amanda Datnow (2020): When Data Teams Struggle:
Learning from Less Successful Data Use Efforts, Leadership and Policy in Schools, DOI:
10.1080/15700763.2020.1734630

To link to this article:  https://doi.org/10.1080/15700763.2020.1734630

© 2020 The Author(s). Published with
license by Taylor & Francis Group, LLC.

Published online: 16 Mar 2020.

Submit your article to this journal 

Article views: 181

View related articles 

View Crossmark data

https://www.tandfonline.com/action/journalInformation?journalCode=nlps20
https://www.tandfonline.com/loi/nlps20
https://www.tandfonline.com/action/showCitFormats?doi=10.1080/15700763.2020.1734630
https://doi.org/10.1080/15700763.2020.1734630
https://www.tandfonline.com/action/authorSubmission?journalCode=nlps20&show=instructions
https://www.tandfonline.com/action/authorSubmission?journalCode=nlps20&show=instructions
https://www.tandfonline.com/doi/mlt/10.1080/15700763.2020.1734630
https://www.tandfonline.com/doi/mlt/10.1080/15700763.2020.1734630
http://crossmark.crossref.org/dialog/?doi=10.1080/15700763.2020.1734630&domain=pdf&date_stamp=2020-03-16
http://crossmark.crossref.org/dialog/?doi=10.1080/15700763.2020.1734630&domain=pdf&date_stamp=2020-03-16


When Data Teams Struggle: Learning from Less Successful Data
Use Efforts
Kim Schildkamp a and Amanda Datnow b

aDepartment of Teacher Development, University of Twente, Enschede, The Netherlands; bDepartment of Education
Studies, University of California, San Diego, CA, USA

ABSTRACT
Because learning from failures is just as important as learning from suc-
cesses, we used qualitative case study data gathered in the Netherlands and
the United States to examine instances in which data teams struggle to
contribute to school improvement. Similar factors in both the Dutch and
U.S. case hindered the work of the data teams, such as data use focused on
accountability instead of improvement. Some hindering factors were more
context-specific. Learning why, how, and when data use efforts do not go
smoothly provides an important contribution to research and practice.

The use of data to inform decision-making continues to be a popular element of educational
improvement initiatives across the globe. In many schools and districts, educators have invested
ample time and resources in gathering and examining student performance indicators and charting
plans for improvement purposes. Often, this cycle of instructional improvement on the basis of data
takes place within the context of team meeting involving teachers and sometimes also school
administrators. In some instances, the work of data teams is also supported by an outside facilitator.

Prior research has suggested that how data teams are supported in their work matters a great deal.
When educators are supported in developing the capacity to use data through professional devel-
opment, when they have easy access to high-quality data that are meaningful to their goals, when
time and space are provided for data use, and when leaders support a culture of making decisions on
the basis of evidence, it is more likely that a data team will find success in their efforts (Marsh, 2012;
Means, Chen, DeBarger, & Padilla, 2011; Schildkamp & Poortman, 2015). School and system
structures and cultures that support data use are important as well (Christman et al., 2009;
Datnow & Park, 2014; Vanlommel, Vanhoof, & Van Petegem, 2016).

One could infer that the absence of one or more of these factors is likely to lead to less success in
data use efforts. And this may be partially correct. However, more than a decade of research on data
use has also pointed out that focusing on the presence or absence of certain characteristics may be an
overly simplistic way of understanding what makes data use a valuable component of school
improvement in some schools and not others. This is due to the nuanced way in which data use
plays out in schools and the many variables that are important. For example, how educators define
the purpose of data use is consequential, with data use efforts focused on accountability being far less
fruitful than those focused on continuous improvement (Firestone & González, 2007; Horn, Kane, &
Wilson, 2015). Similarly, data use efforts that have an explicit focus on equity are more likely to lead
to school policies and practices that expand students’ opportunities to learn, whereas those that do
not have this focus run the risk of limiting students’ learning trajectories (Datnow & Park, 2018).

In general, a preponderance of research has focused on identifying what can make data use work
more effectively, and practitioner-oriented publications on data use have had this focus as well
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(Bambrick-Santoyo, 2010; Bernhardt, 2013; Bocala & Boudett, 2015). There is less attention to
circumstances in which data use does not become a meaningful part of school improvement.
Meanwhile, we know from prior research on school improvement that learning from failures is
just as important (Stoll & Myers, 1998). Stringfield (1995) argues that whereas other sectors regularly
study their failures, education has tended not to do this and there is great value in learning from
mistakes. Meanwhile, failed educational reform efforts continue to come and go. Learning why, how,
and when data use efforts do not go smoothly would be an important contribution to the research
and practice literature in the field of data use and school improvement more broadly. In this article,
we use cross-national data gathered in secondary schools in two countries to provide an in-depth
look at instances in which data teams struggle to meet the goals of data-informed decision-making
for continuous school improvement. We address the following research questions: Why, how, and
when do data teams struggle? What can be learned by comparing the factors inhibiting data teams in
two different national contexts?

Literature review

Characteristics of successful data teams

A key concept of data teams is the use of data. Sometimes data are narrowly defined as (standar-
dized) assessment data. However, in this article, we use a broader definition of data and define data
as “information that is collected and organized to represent some aspect of schools” (Lai &
Schildkamp, 2013, p. 10). This includes quantitative and qualitative data, such as (standardized)
assessment data, but also data from classroom observations, student focus groups, teacher-made
quizzes, surveys, etc. The use of multiple forms of data is important as this provides educators with
a more holistic picture of student achievement (Datnow & Park, 2018). Moreover, the use of multiple
sources of data can provide educators with insights into why students are (not) learning and the
practices and policies that may impact their opportunity to learn. In other words, these data can be
used by data teams in school to spur improvements in teaching and learning. Several studies show
that the use of data (in data teams) can ultimately lead to improved student achievement, but a great
deal depends on how the data are used (Lai, Wilson, McNaughton, & Hsiao, 2014; Poortman &
Schildkamp, 2016; Van Geel, Keuning, Visscher, & Fox, 2016).

Studies also show that teams that are more effective in using data in solving educational problems
and increasing student achievement have several characteristics. First, these teams have learning
conversations with a high depth of inquiry during several of their meetings. Depth of inquiry can be
defined as the degree to which teams employ higher level thinking skills in their conversations, such
as analysis, synthesis, goal setting, and reflection. Team conversations characterized by higher levels
of depth of inquiry focus on developing new knowledge based on data and focus on action planning
to improve teaching and learning. Teams that apply lower levels of depth of inquiry focus more on
telling information, re-telling, describing, and storytelling (Henry, 2012; Schildkamp, Poortman, &
Handelzalts, 2016). Teams that have learning conversations characterized by these higher level
thinking skills are more likely to improve student learning (Achinstein, 2002; Stokes, 2001).

Second, these teams are able to get past the phase of external attribution and apply internal attribution.
Low achievement results are often not attributed to the quality of teaching or to school practices and
policies, but to external factors, such as the students’ level of achievement when they enter the school, their
family backgrounds, or their status as non-native speakers (Datnow & Park, 2018; Schildkamp et al., 2016).
This is called external attribution and will have behavioral consequences (Weiner, 2010) with regard to
actions taken based on data (Schildkamp et al., 2016). However, to be able to use data for improving
teaching and learning, internal attribution is needed, meaning that educators should use data to look at
their own functioning (Schildkamp et al., 2016). As argued by Lachat and Smith (2005), data can be used to
challenge assumptions about student learning and to critically reflect on the quality of teaching. Data can
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then be used to improve the quality of instructional strategies in the classroom instead of blaming students
for low achievement.

Furthermore, in successful data teams, data are used to think deeply about individual students’
areas of strength and growth, rather than focusing on deficits and making broad judgments about
student performance. This involves moving beyond the general patterns in the data and categoriza-
tion of high- and low-performing students and focuses on how practices can be adjusted to build on
students’ strengths and address their individual needs (Datnow & Park, 2018). As a result, the
conversations in effective data teams often focus on student growth, the growth of all students, not
just the students just below the prescribed benchmark (Booher-Jennings, 2005; Halverson, Grigg,
Prichett, & Thomas, 2007). They also focus very specifically, rather than generally, on students’
progress and how to help them thrive in school.

Moreover, data are used conceptually and/or instrumentally and not just used strategically or
symbolically. Data are used to change teachers’ and school leaders’ thinking, which is called
conceptual data use, and/or to make actual changes in the classroom and in the school, which is
called instrumental data use (Farley-Ripple, May, Karpyn, Tilley, & McDonough, 2018; Lai &
Schildkamp, 2013; Weiss, 1998). Data are not used strategically, i.e., data are not manipulated to
attain specific power or personal goals (Farley-Ripple et al., 2018). Nor are the data used only
symbolically, i.e., the perception of data use is believed to be important, but educators are not
using data in any meaningful way (Farley-Ripple et al., 2018; Feldman & March, 1981).

Finally, the focus in these teams is not on data use for accountability purposes, but on data use
for school improvement. Accountability-driven data use focusses on complying with external
pressure and demands, whereas data use for improvement purposes focusses on improving teach-
ing and learning in the school (Braaten, Bradford, Kirchgasler, & Baracos, 2017; Datnow & Park,
2018; Firestone & González, 2007). A strong focus on accountability can lead to ‘misuse’ of data,
where teachers, for example, teach to the test, or even ‘abuse’ of data, or where data are used to
improve test scores by focusing only on students on the cusp of meeting the mark (Booher-
Jennings, 2005).

Data teams and organizational learning

Studying less successful data teams is not only important from a (data) team and data use perspective, but
it can also increase our knowledge with regard to organizational learning. Argote and Miron-Spektor
(2011) state that most definitions on organizational learning include “a change in the organization that
occurs as the organization acquires experience” (p. 124), and therefore define organizational learning as
“a change in the organization’s knowledge that occurs as a function of experience” (p. 124). Successful
data teams can enhance organizational learning by leading to a change in the organization’s knowledge
and to school improvement (Lai et al., 2014; Poortman & Schildkamp, 2016; Van Geel et al., 2016).
Collinson, Cook, and Conley (2006) state, based on a literature review, that organizational learning
depends on learning at the individual, group, and organizational level; it includes inquiry; relies on
shared understanding of members; involves behavioral and cognitive change; and includes embedding
new knowledge and practices in routines. With regard to this last aspect, individual learning of
organization members needs to move beyond individual learning by creating, modifying, or replacing
organizational routines (Argote &Miron-Spektor, 2011; Collinson et al., 2006). When these routines are
embedded in the organization, they survive staff turnover, such as key data team members or school
leaders leaving the school (Collinson et al., 2006). Organizational learning requires a long-term con-
tinuous investment. It is “a way of thinking and doing that takes time” (Collinson et al., 2006, p. 114).

Collinson et al. (2006) describe six interrelated conditions important for organizational learning,
some of which are also reinforced by Benoliel and Berkovich’s (2017) research on teams. The
conditions are also important for data teams focused on school improvement:
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(1) Prioritizing learning for all members, students, teachers, and school leaders. With regard to
(data) teams, as also stated by Benoliel and Berkovich (2017), this implies that school leaders
need to be committed to the continuous development of school teams, team leaders, and
team members alike, as well as facilitating the work of teams, and valuing and praising
exemplary team work.

(2) Attending to human relationships, in which purposeful teacher interaction and genuine
collaboration are crucial. For (data) teams this means that school leaders need to promote
intra- and inter-team relationships as well as collaboration (Benoliel & Berkovich, 2017).

(3) Fostering inquiry as this is a powerful form of learning and improvement for teachers and
schools, which is the focus of data teams.

(4) Enhancing democratic governance, which values and nurtures the capacity of all the people
in the organization. This model requires shared leadership, a tradition of criticism, ques-
tioning and discussion, tolerance for diverse views, and a multidirectional flow of
influence.

(5) Encouraging members’ self-fulfillment, which implies communicating meaningful values
and goals to members, nurturing members’ personal aspirations for growth, and sharing
individuals’ or groups’ beliefs and insights with other members.

(6) Facilitating the dissemination of learning, meaning that the learning of individuals must be
shared at the team or organizational level. This is even more crucial for (data) teams who
want to become active change agents seeking to enhance organizational learning. (Data)
teams need to foster multiple and ongoing exchanges in the organization in which it resides.
(Data) team members must engage in activities focused on building and maintaining key
relationships with other parties in pursuit of feedback, support, and resources (e.g., bound-
ary spanning) (Benoliel & Berkovich, 2017).

In sum, this research provides insight into the conditions that facilitate organizational learning and
how (data) teams could play a supportive role in the process. We now turn to a discussion of the
factors that hinder the work of data teams and their ability to contribute to the goal of organizational
learning.

Factors hindering the effectiveness of data teams

Several studies have been conducted into the factors influencing the effectiveness of data teams.
Factors such as leadership, trust, data literacy, and the role of the coach enable the work of data
teams. While in most literature these factors are presented as enabling data use, in this article, we are
going to demonstrate that these same factors can also hinder the effectiveness of a data team, and not
only hinder the functioning of data teams by being absent, which is an overly simplistic way of
understanding the effectiveness of data use in data teams. Therefore, in this article, we will focus on
the nuanced ways in which these factors can hinder the way data use plays out in data teams.

Related to the issue of organizational learning, it is important to recognize school organizational
characteristics as an important influencing factor on data use in data teams. This includes factors,
such as having a shared vision, clear and measurable goals, and norms and structures in place for the
use of data (Datnow & Park, 2014; Earl & Katz, 2006; Hoogland et al., 2016; Kerr, Marsh, Ikemoto,
Darilek, & Barney, 2006; Schildkamp & Poortman, 2015; Wohlstetter, Datnow, & Park, 2008),
leadership behaviors, such as ensuring a climate for data use, intellectual stimulation, and support
in the use of data (Datnow & Schildkamp, 2017; Hoogland et al., 2016; Knapp, Copland, &
Swinnerton, 2007; Schildkamp & Poortman, 2015, 2018; Wohlstetter et al., 2008), not only by school
leaders but, for example, also by an internal or external facilitator or coach (Schildkamp &
Poortman, 2015); and collaboration around the use of data for school improvement (Datnow,
Park, & Kennedy-Lewis, 2013; Hoogland et al., 2016; Horn & Little, 2010; Nelson & Slavit, 2007;
Park & Datnow, 2009; Schildkamp & Poortman, 2015; Spillane, 2012; Wohlstetter et al., 2008).
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Furthermore, teacher characteristics, such as data literacy (Earl & Katz, 2006; Hoogland et al.,
2016; Little, 2012; Mandinach, 2012; Marsh, Pane, & Hamilton, 2006; Nelson & Slavit, 2007; Park &
Datnow, 2009; Supovitz & Klein, 2003; Wohlstetter et al., 2008), and dispositions toward the
educational problem and data use (e.g., attitude, self-efficacy, locus of control, ownership) and
trust in the data (team) (Hoogland et al., 2016; Prenger & Schildkamp, 2018; Schildkamp &
Poortman, 2015) also influence the use of data in data teams.

Finally, of course, data characteristics, such as access to timely, relevant, and high-quality data, are
important. If the data available are not accurate measures of student performance or other aspects of
education being examined, or if they do not address educators’ key questions and concerns, then
they cannot inform meaningful decision-making. Educators need to perceive the available data as
useful for the improvement of teaching and learning in the school (Breiter & Light, 2006; Hoogland
et al., 2016; Schildkamp & Kuiper, 2010; Schildkamp & Poortman, 2015; Wohlstetter et al., 2008).

Method

We applied a qualitative case study design (Yin, 2016) as we wanted to explore in depth what
a failing data team looks like, and which factors contributed to this failing. Over the past decade we
have conducted several studies on data teams, examining their functioning and effectiveness (e.g.,
Datnow & Park, 2014; Lockton, Weddle, & Datnow, 2019; Poortman & Schildkamp, 2016;
Schildkamp & Poortman, 2015; Schildkamp et al., 2016). The two cases for this study were selected
from a large number of cases, in these studies. We used the deviant case method, because we wanted
to select two cases which by our general understanding of data team functioning, demonstrated
a surprising value, or an anomaly (see Seawright & Gerring, 2008 for more information on deviant
case selection). We wanted to probe for new explanations with regard to the success and failure of
data teams. We selected a case of a struggling data team in the USA and in the Netherlands: These
were data teams in which conversations were characterized by (1) a low level of depth of inquiry, (2)
external attribution, and (3) where the focus is on broad judgments of student achievement or
a triage approach, (4) where data are not used conceptually and/or instrumentally, and (5) where the
focus is on accountability and not on improvement. This article draws on qualitative data gathered
from these previous studies (Datnow, Lockton, & Weddle, 2019; Lockton et al., 2019; Schildkamp &
Poortman, 2015; Schildkamp, et al., 2016). This study is a secondary analysis in which two
independent studies and teams were combined to offer comparative insights.

Context

One of the cases is a data team from a secondary school in the Netherlands. In the Netherlands after
primary school, at the average age of 12, students go to a secondary education school. Regarding the
policy context, schools in the Netherlands have a lot of autonomy, for example, with regard to the
subject matter taught, textbooks to use, and instructional strategies. Moreover, there are not a lot of
standardized assessments. There is only one obligatory national standardized assessment at the end
of secondary education, the final exam (Organization for Economic Co-operation and Development
[OECD], 2010). Schools have several other data sources available to use for improvement purposes,
such as curriculum-embedded assessments, teacher-created formative and summative assessments,
structured classroom observations, homework assignments, etc. All schools in the Netherlands are
accountable to the Inspectorate of Education, who evaluates the quality of instruction as well as
achievement standards. The inspectorate expects schools to continuously use data to improve their
education (Schildkamp & Kuiper, 2010).

The second case is from a middle school in the United States that serves grades 6–8 (students
aged 12–14). The policy context in the US is markedly different from the Netherlands. Public schools
in the US are held accountable by federal and state governments for administering an annual
standardized assessment in most grades. In states that have adopted the Common Core standards,
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the assessment monitors student mastery of the standards in grades 3–8 and 10–11. At the local level,
schools and districts have the autonomy to make decisions about instructional materials and
strategies, with the assumption that these will be aligned with the standards. Districts play
a strong role in the selection of textbooks and also often ask schools to administer benchmark
assessments linked to the state standards; in some cases, schools can create these themselves and in
others, they are mandated. The school discussed in this articlehad a mix of both, as we will explain.
As in the Netherlands, teachers in U.S. schools also often have other data sources available for use
such as curriculum-embedded assessments, teacher-created formative and summative assessments,
homework, and their own observations.

Participants

In the Netherlands, the case that was selected is a data team that was followed over a period of a year.
The school participated voluntarily in the data team professional development intervention devel-
oped at the University of Twente. The team focused on poor mathematics achievement in the lower
grades of secondary education. The data team consisted of one school leader (male), four mathe-
matics teachers (two males, two females), and one internal data expert (female). The data team was
supported by an external coach from the university. It was intended to be a two-year professional
development intervention, but the team quit the intervention after a year, for reasons that will be
described in the results.

The analysis of the U.S. case relies on data collected over a period of three years. The team that is
the focus of this study is middle school math teachers, led by the school administration, in
department-wide professional learning community (PLC) meetings that in part focused on the use
of data to inform instructional improvement in math. The team as a whole consisted of a school
administrator and approximately 10–12 math teachers, depending on who was present on a -
particular day. Occasionally, an instructional coach attended these meetings as well. At times, the
teachers met in smaller grade level teams as well, sometimes focusing on the creation of interim
assessments and other times focusing more broadly on instructional planning. For the purposes of
this article, we focus on the meetings in which data use was an agenda item, though we had an
opportunity to observe other kinds of meetings as well.

The data team professional development intervention

The data team in the Netherlands followed an eight-step procedure: (1) problem definition, (2)
formulating hypotheses, (3) data collection, (4) data quality check, (5) data analysis, (6) interpreta-
tion and conclusions, (7) implementing improvement measures, and (8) evaluation. A data team
coach from the university supported the team. The coach guided the team through the eight steps.
Although the data use intervention recommends frequent meetings (every three weeks), the team
met only six times during the school year.

The team in the United States was often led by school administrators in the examination of data
during PLC meetings, a process which will be explained in the Findings section. As part of an
instructional improvement project, teachers and administrators had a training in the summer in how
to use data from a math diagnostic assessment to inform instructional decision-making; however, they
did not put this particular training to use. Also, this was not a prescribed process as in the Netherlands
case. The school’s work with data also predated the training, and thus routines for examining data were
fairly long-standing and developed at the school site in response to guidance from district personnel.

Data collection and instruments

The Dutch data team selected for this study met six times for on average of 1.5 hours. All these
meetings were audio-recorded and transcribed verbatim. Detailed field notes were taken as well.
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Furthermore, just before this data team quit, the school leader, three of the teachers (one teacher was
not available at the time of the interviews), and the data expert were interviewed concerning the
functioning of the data team (e.g., depth of inquiry and attribution) and the factors that enabled or
hindered their work (school organizational characteristics, teachers characteristics, and data char-
acteristics). These interviews were also audio-recorded and transcribed verbatim.

The U.S. data team selected for this study met regularly during the school year for approximately
one hour. Over the course of three years, we observed 18 meetings in which data use was an agenda
item. In these meetings, the results of the assessment data were discussed. Detailed field notes were
taken during these meetings, capturing most dialogue verbatim. Teachers and administrators were
interviewed annually for 45–60 minutes each, resulting in a total of 35 interviews over the three
years. These interviews focused on a variety of topics related to data use and instructional improve-
ment in mathematics. Interviews were audio-recorded and transcribed verbatim.

Data analysis

For the Dutch case, we used the program ATLAS.ti for coding the interview and observation
transcripts, relating the coded fragments to each other and comparing the codes of different schools
and respondents within and across cases (cf. Boeije, 2002). For the first round of coding, we used
a coding scheme based on our theoretical framework. We coded the functioning of the data team, for
example, using the codes for the depth of inquiry and attribution. We also coded the influencing
factors, for example, leadership, and access to data. This first round of coding was followed by more
rounds of coding using an iterative approach, going back and forward between our theoretical
framework and the data collected (for more information see also Schildkamp & Poortman, 2015;
Schildkamp et al., 2016).

For the US case, data from interviews and observations were coded using a set of a priori codes arising
out of the literature on data use (e.g., leadership data use expectations, discussion of instructional strategies
with data, accountability systems). New codes were added in the course of the analysis of data. For the
purposes of reliability, selected interviews were coded by multiple members of the research team and then
compared. MAXQDA, a qualitative coding software tool, was used to facilitate the coding of the data (for
more information see Datnow et al., 2019). In addition to examining the data within and across codes,
complete narratives of each observed meeting were also analyzed to get a more holistic understanding of
the phenomenon of a struggling data team.

Next, we systematically compared the results of the two cases. Since both cases used a slightly
different code book, this comparison led to new insights. For example, for the Dutch case, some of
the data collected and coded were recoded using codes from the US case. For example, there were
instances in the US case of data use efforts focused on generalizing about student achievement levels,
rather than focusing on individual students’ strengths and needs, and the data showed that this was
present in the Dutch case as well. These final rounds of iterative coding and systematically compar-
ing the results led to an in-depth picture of why both data teams struggled.

Findings

Results of the Dutch data team

Summary of the functioning of the team
The Dutch data team focused on low mathematics achievement in the third year of secondary
education (students aged 14/15). The first five meetings all focused on the question whether there
was a problem or not. The school leader said that the failing rates were too high. According to the
teachers, failing rates below 30% were acceptable. The school leader indicated that no more than 20%
below was acceptable. During the fifth meeting, the data collected by the data expert showed that
failing rates were between 54% and 25%, and several classes did not meet the threshold of 70%
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passing. The team finally acknowledged they had a problem, and they wanted to work on improving
the results. The team developed several (mostly external) hypotheses to investigate, but never got
around to collecting data to investigate these hypotheses, because the team quit the intervention the
next school year due the following reasons: A re-organization within the school which led to several
school leader changes, difficulties in finding time to meet, and teachers still not thinking it was
a priority to work on this problem.

The conversations the team had can be characterized as the low depth of inquiry. The discussion
mainly focused around personal experiences, opinions and beliefs, and the question of whether there
actually was a problem. Moreover, most hypotheses with regard to possible causes of the problem were
external, including a low entry level of the students, IQ, student motivation, absenteeism of students, and
the implementation of a new timetable (i.e., external attribution). Third, the focus was mostly on
assessment results, and on achievement in terms of failing students, and not reaching the threshold,
and not so much on content and skills. However, during the last meeting, it was discussed that the team
wanted to look at the content students struggled with and the skills they had difficulties with. Fourth,
almost no examples of conceptual or instrumental data use were found. Finally, the focus was on
accountability (to the school leader) and less so on improvement.

Barriers to data use
One of the biggest barriers for the functioning of this data team seemed to be a lack of a shared problem
and goal. In the first meeting teachers already asked if they actually had a problem to work on. The school
leader stated that too many students were failing mathematics in the third grade of secondary education.
The teachers disagreed with this, but then stated that theymay use the data team to show tomanagement
that they do not have a problem. The teachers agreed that the real problem was not that the mathematics
results are too low, but the problem was that management thought that the mathematics department has
a problem. They also confronted the school leader, Emmy, in the data team about this. Two teachers,
Denise and Monica, almost attacked her about the views of the management: “Why does management
think that the mathematics assessment results are too low?” “Why should we participate in a data team?”
Furthermore, Boris, the Department head stated, “Math is a very difficult subject, so I do not see it as
a problem that several students are failing.”

During the second meeting, a large part of the discussion was again focused on whether or not
a problem exists. The school leader explained that it was about too many failing students. Two
teachers (Monica and Denise) and the data expert wanted to look at the national average results and
how the school compared to these results. The school leader indicated that it was a problem
according to the inspectorate of education. The school leader stated that 50% of the students failing
mathematics was too much. Monica asked why this was too much. The school leader stated that this
is a lot compared to other subjects. Monica stated that in the subject of English language it was
worse. The school leader stated that she was not aware of this, but that she hoped that the teachers
wanted to improve their mathematics results. The discussion on what criteria to use turned into
a heated discussion. Monica wanted the data team to develop criteria. Boris and Denise wanted
management to come up with the criteria. The school leader stated that the problem was not only
a management problem: “Teachers do not want to have students with insufficient marks either?”
Boris repeated his view: “Management needs to come up with the criteria.” Monica then agreed.
Emmy gave in and stated that she would ask management for the criteria.

Although the teachers brought their assessment data to the meeting, most of the third meeting
again focused on the same discussion around the criteria. Emmy resigned as a school leader, and
although a new school leader, Jacob, participated in the team, he did not bring the criteria. After
a long discussion, in which Jacob did not have a very active role, they agreed that it was likely that
teachers and management used different criteria, and that they should come to a consensus.

During the fourth meeting, the team finally decided to focus on the percentage of failing students
over the entire school year. Boris stated that he thought the team should set the criterion at 30%.
More than 30% of failing students was unacceptable. Jacob asked Boris if he thought that 30% of
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failing students were acceptable, which Boris confirmed. Jacob asked if this was not a bit high, given
that in the second-grade students were already tracked according to their ability level, and should be
able to handle this level of mathematics. Monica, Boris, and Denise seemed to be offended by this
remark. Monica stated that perhaps students were placed in an ability level too high for them, and
that also other factors may play a role here. The team discussed whether mathematics was not simply
a very difficult subject. Jacob stressed again that he did not agree with the 30% criterion. The
management wanted to set the criterion at 20%. The school leader and teacher argued about the
criterion for a while. The teachers stated that for other subjects 20% may be feasible, but not for
mathematics given it is a complex subject. Jacob asked the teachers if they were happy with their
results, and if they did not want to improve their results. The teachers indicate that they did want to
work with the data team to improve their results, but they wanted to keep the criterion feasible,
which in their eyes was 30%. Only Edward wanted to move into the direction of 20%. Jacob gave in
and stated that he was willing to work with the 30% criterion, as long as the teachers promised to
strive after the 20% criterion. The teachers agreed with this.

During the sixth meeting, the team was still discussing their results and the criteria. They started
to investigate the data that they had available since the third meeting. Monica stated that she was not
really surprised about the results of the third grade, because this type of mathematics which was
introduced in the third grade is difficult, and the book covers two very difficult topics (trigonometric
functions and calculating gradient percentages). Monica stated that “only” 33% is failing, which she
finds “not so shocking.” The data team still did not seem to own the problem nor the goal they were
working on.

What also hindered the progress of the team is that some of the teachers had a negative attitude
toward data use in general, and the data team intervention specifically. For example, Boris, the math
department head, stated that he did not believe they were ever going to find the causes of their
problem using data: “This process will take too long to investigate and the problem is too complex.”
The teachers did not see the point of using data and wanted to implement solutions immediately.
They also did not understand why they were the ones selected to participate in a data team, they did
not see their colleagues engaged in data use. This negative attitude kept coming up during the
different data team meetings. For example, during the sixth meeting, the team tried to formulate
a hypothesis with regard to specific chapters and skills students struggled with. Boris stated that this
will cost too much time. Denise agreed with this. Boris wanted to move to concrete solutions
immediately. He stated, “let’s just look at the assessments which are difficult and adapt those.” He
simply wanted to make the assessments easier.

The negative attitude of some of the teachers was probably also caused by several school leader
issues. Firstly, a lack of trust between the school leaders and teachers was a hindering factor. For
example, after the second meeting Monica, Denise and Edward complained about the management
and school leader Emmy specifically. According to them, Emmy did not have sufficient knowledge of
what went on in the school, nor did she have sufficient knowledge to manage the school. The
teachers were very negative about the management, which they saw as too far removed from the
classroom. Moreover, according to the school leaders, there was a problem, but according to the
teachers, there was nothing they could do about this. School leader Elly was “nagging,” according to
the teachers. The school leaders only communicated with the teachers when there was a problem,
“on any other occasion you don’t hear anything from management,” according to Denise.

Secondly, the school leaders used data to blame and shame people. After the second data team
meeting Monica, Denise and Edward discussed that the mathematics teachers had been told over the
last six years that their results were insufficient. The teachers stated that this was the result of a new
policy with flexible rosters for students. Denise stated that the goal of the management to start the
data team is to blame her for the low achievement results. She had enough of the comments of
management and she was very upset; she even started to cry. She had the classes with the most
difficult students and now she had to deal with the management on top of everything else. In the
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interviews, school leader Jacob confessed that he wanted to use the data team to address the
functioning of Denise:

She does not see that she has a problem. That is understandable because she has been a teacher for so many
years and nobody ever told her that she had a problem. I hope that the data will show that she has a problem
that she needs to address.

Finally, a lack of active school leader participation hindered this team. Jacob was very passive during
the meetings. In the interview, he stated that he did this on purpose: “I think it is their responsi-
bility…. I try to make them look at their own functioning by making statements such as, “I would be
so ashamed if I would have so many insufficient marks.”

However, the teachers complain about this passive attitude:

“Today Jacob did not say anything, and that was also the case in the previous meeting.”
“Jacob sits there and does not really have a role.”

In the interviews, teachers reported that they missed somebody from inside the school really steering
and believing in the data team.

Another hindering factor was that during the first couple of meetings the teachers did not really
collaborate with each other. The atmosphere was tense, teachers continuously interrupted each
other, and did not let each other speak freely. For example, in the first meeting two teachers,
Monica and Denise were very dominant in the conversations and complained a lot about workload
and the view of the management on mathematics education. The teachers were constantly expressing
their own opinions without really listening to each other.

Also, another barrier was a lack of time and facilitation. It was very difficult for the teachers to find time
to meet together. Even in the first meeting, this was an issue. One of the teachers complained that she did
not have time to participate in a data team, explaining that her work load was already too high and this
would be another addition. Another teacher asked if it was really necessary for everyone to participate,
asking if this was something a smaller team could do. The data team meetings were not scheduled in the
agendas of the participants, and it was very difficult to plan the meetings. The lack of time and facilitation
also influenced the attitude of the teachers and did not help in developing a shared goal.

A final hindering factor was that some data were not available due to privacy reasons or due to
the fact that the data were not registered properly. The team wanted to study the hypothesis with
regard to the low entry of students into their classrooms and IQ, but primary school assessment data
were not available due to privacy issues. Moreover, they could not study a hypothesis with regard to
the absence of both teachers and students, because absence data were not available by subject or not
registered properly. This hindering factor led to an even more negative attitude toward the use of
data for the teachers who did not believe in the use of data to begin with.

Results of the .U.S data team

Summary of the functioning of the team
As noted above, the U.S. data team involved teachers in a middle school math department and a site
leader who led the meetings. Improving student outcomes on math achievement tests was a shared
priority among teachers and leadership. Annual state test results in 2015, when the study began,
showed that approximately 40% of students were below grade-level standards in math. Moreover,
there was a significant achievement gap between students of different racial backgrounds, with 65%
of white students meeting grade-level standards but only approximately 20% of Latino/a and African
American students meeting grade-level standards. In order to address these issues, the district
encouraged school leaders to engage their teachers in data-informed instructional improvement.
The school was also part of a university project that supported the use of math diagnostic assessment
data, which allowed them access to an additional form of data but they tended not to prioritize it.

10 K. SCHILDKAMP AND A. DATNOW



School leaders fully embraced the idea that the use of data could inform instructional improve-
ment and improved achievement. The principal communicated that data use was important. The
principal also set aside formal time for the math department to examine data in department
meetings and scheduled the teachers to have common preparation periods during the day to enable
informal collaboration within and across grade levels. In spite of these structures and cultures to
support data use, a careful look at the work around data use reveals a number of barriers to
a successful process. Discussions of data tended to be at a surface level. Whereas teachers were
open to discussions that would have had implications for instructional practice, conversations
focused primarily on broad patterns in the data, such as identifying the concepts that students as
a group did well on or struggled with. While teachers took ownership of the need to address
instructional gaps, they also attributed some patterns of achievement to students’ poor preparation
at the elementary level or to the students’ characteristics as English learners. Even though the intent
was to engage in instrumental data use, the use of data ended up being symbolic. More than
anything else, data use was very much oriented around meeting accountability demands, which
overshadowed the goal for continuous improvement, as we will explain.

Barriers to data use
One of the major barriers to data use in the U.S. case was a lack of time. While there was set aside
collaboration time twice monthly, this period was less than one hour long, which was not sufficient
to examine data in any depth, much less develop action plans on the basis of the data. Moreover, the
agenda for meetings was often crowded with other topics, which meant that a discussion of data was
often relegated to the last 10 minutes if it occurred at all. Logistical and technological challenges also
arose in meetings, such as teachers erroneously being given data reports that did not pertain to their
own classes, the district data management website crashing when meetings were taking place, or the
team not knowing how to access data reports at the student level, meaning that discussions were
restricted to broad patterns such as the number of students who got particular problems correct. In
some cases, teachers also did not have access to the test items so it was difficult to ascertain what
exactly students struggled with.

As in the Dutch case, a lack of trust between school leadership and teachers was a hindering
factor. In various meetings we observed, teachers expressed interest in having a deeper discussion
about the content or instructional strategies, but they felt as though their voices and concerns were
not being heard. Some of these concerns were specifically around how time was used in meetings.
Teachers felt that they had shared suggestions about how time could be better spent, but these were
not taken up. At the same time, administrators felt under pressure to accomplish a great deal in
a short meeting time frame, and perhaps it was not readily obvious how to make changes within the
constraints.

While the intent was to provide a helpful guide, leadership promoted an overly prescribed process
for the examination of data and allowed insufficient time to delve into questions collaboratively. For
example, in analyzing results from an interim assessment that the district required them to admin-
ister, the school leader asked teachers to identify their students’ strengths and areas of difficulty (as
a class, not as individual students), to note the top five assessments questions the students struggled
with and note the math standards they addressed, consider what standards needed to be explicitly
taught, and asked how students’ progress would be measured and how often. The form also asked
teachers to note what supports might be needed for them to achieve their goals for students. It is also
important to note that the questions were organized around identifying whole-class patterns,
whereas some data use efforts focus on identifying supporting individual students’ needs.

While some of these questions may have spurred a fruitful dialogue among teachers, in the end,
the data were primarily used by teachers to complete the form, rather than to develop a meaningful
plan for action. Due to a lack of time, teachers often had to complete the questions on their own
after the meeting, and they felt this activity lacked value. For example, at a meeting we observed in
which 15 minutes was allocated for a discussion of data, the administrator told the teachers, “you
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guys can finish up at home. Make sure it’s done by tomorrow!” This expectation would almost
certainly guarantee that teachers would rush through the process of data analysis, engaging in it on
their own rather than collectively as was initially intended. Teachers repeatedly voiced concerns
about form completion, which was a frequent routine at meetings we observed. Again, although the
administrator’s intentions were genuine and oriented toward using data to inform instruction, the
way this activity unfolded due to time constraints and over-regulation rendered it unproductive.

An additional barrier was how data use was framed and how data were used. A primary focus of data use
was examining patterns of student achievement. There was little motivation to engage in data use as
teachers felt that test data told them what they already knew – that their students were under-performing.
In one meeting we observed, a teacher examined her students’ results and commented: “The scores are still
low. 20s and 30s. There’s nothing here to spark a conversation like ‘you got 60% and I got 10%. What did
you do that worked?’ Nothing worked.” Not only were her students underperforming, but her colleagues’
students were as well, and thus she saw little value in having a discussion to share instructional strategies
after comparing results. That did not mean that she was not interested in discussing instruction, but as
linked to the examination of these particular data it did not feel meaningful. Another teacher also remarked
that little time was allotted for discussing instruction anyway: “We basically look at what standards the
students are not getting and then that’s about it. So we identify the issue, but we don’t find the solution, so
then we go back to our classrooms, and hopefully we’re all finding the solution.” This was a common
routine in meetings we observed.

Another frame for data use at this school was the selection of focal students, a triage approach to data use
which is not supported in the literature (Booher-Jennings, 2005). Teachers did not see value in the task of
selecting students who had performed poorly on the state assessment but were on the cusp of proficiency,
an exercise that was required by site leadership. In one meeting we observed, the administrator explained,
“look at the students on the cusp of some targets. Focus on these students andmove them up.What I wrote
on the agenda is focus on the ‘nearlymet standards band’ and those students at the top of that.”This did not
feel purposeful to the teachers who found this method of using data to inform instructional decision-
making to be out of synch with their teaching approaches. When a teacher asked for guidance on how they
should support the focal students, an administrator said teachers do not need to group them but should
“look at their paper a little more carefully” when they are walking around the classroom. Moreover, while
teachers went through the exercise of choosing focal students and submitted a list, it was subsequently
misplaced, and the teachers had to regenerate it in another meeting.

School administrators focused data use efforts primarily on state assessment data; however,
teachers did not see these data as meaningful for informing instructional change. Although there
was discussion of interim assessment data, it was always in the service of students’ ultimate
performance on the state test because that is “what goes into the newspaper,” as one administrator
explained. The strong emphasis on data use for accountability purposes served as a barrier for
teachers seeking to use data for the purpose of improving instruction. For example, in one meeting,
a great deal of time was spent discussing how to prepare students for format the state test. The leader
explained: “Within the content that you’re teaching, teach them how to do the different types of
questions and maybe as we get closer to [state test], we can do more online … ” Time was also spent
in meetings on discussing the content on the state test so that teachers could teach accordingly.

Teachers were on board with using data to improve instruction, but the instructional piece was
routinely given short shrift in conversations that were dominated by a need to raise test scores.
Teachers were interested in examining data on assessments they had administered and/or created
themselves, but time was not allocated for this and this was not prioritized by the school adminis-
tration, often due to competing demands. When asked what data informed their instruction, it was
common for teachers to mention informal assessments. As one teacher said, her instruction was
informed by a range of data “some of the projects the kids are working on or the daily exit slips or
with the formal testing at the end, you know a combination of all of that helps me.”
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The state test results were also presented in a manner that teachers did not find useful, as they
yielded little information on students’ skills in particular areas and why they answered questions the
way they did. Teachers had trouble making sense of the data. As one teacher explained:

What’s tough with the new assessments is when there’s multiple answers and you know they get one of the three
right. Did they really get one out of three right? Did they guess it right or did they know the answer? There’s a lot of
guessing of why things have happened now because there are so many possible answers and combinations, so it’s
hard to connect all the dots I think. But we do try. We do try, you know just try to put yourself in their shoes and
figure out why they missed certain questions and how we can support them in the classroom.

There were also inconsistencies in district priorities around assessment and data use. Over several
years, the district made shifts with regards to interim assessments. Initially, this change was driven
by the fact that teachers were testing students on material that had not yet been taught, and this
meant that the data were not useful. As a teacher said in a meeting, “The 6th grade interim
assessment covers chapter 3 and we won’t be there yet.” The interim assessment was not aligned
to teachers’ pacing, nor was it aligned to the state test. The district recognized the problem and
subsequently dropped this interim assessment, allowing teachers to draw from an item bank in order
to create their own. Although this was a positive attempt to better meet local school needs, it also led
to significant confusion about which tests were to be given and when and a lack of shared under-
standing of whom the data were for (e.g., Were they to be used by teachers? Or only by adminis-
trators for the purposes of monitoring?).

At one point, teachers were in the midst of administering the state test, which took several days of
testing time, and were also asked by the district to schedule the district’s math readiness assessment.
This fact frustrated both the teachers and the school leader who told the teachers, “just apologize to
your kids.” The leader further explained that the readiness test focused on procedural fluency to see
if the students coming into middle school know their facts, “which we all know they don’t.” This
comment reinforces a point made earlier about the data not being seen as particularly useful. One
teacher summed up the issues they encountered with the inconsistencies in district priorities around
assessment and data use: “We change tests, we change things and even the data that we have in
reality we can’t really use because it’s skewed. We don’t have the same type of assessment. We need
something that is solid that we can really check from year to year.”

The confusion around the required assessments was magnified as the school was required to reconcile
student results on various assessments when making class placement decisions for students. During
a meeting we observed, we learned that the teachers initially placed students into different levels of math
on the basis of the spring math readiness test. But when state assessment results were released in the fall,
they were told that many more students qualified for the high-level classes and also for the intervention
classes (due to low performance). While well intentioned, this led to last-minute changes in student
placements based on test cutoff points without a discussion about what might be best for each particular
student. Again, time constraints appeared to play a role in shaping how data use unfolded, with data use
geared around patterns rather than individual students’ needs.

As one teacher at this school summed up, “I think [data] is looked on in a superficial way to get the job
done, but not in what would work well because there’s a lot of constraints I think that administrators have,
and I don’t think they could really do what’s ideal for us in the classroom.” This comment reveals that
teachers recognized that administrators themselves were caught between a set of competing demands
around data use, under pressure to accommodate policy requirements from higher levels in an account-
ability-driven context while at the same time attempting to be responsive to teachers. In the end, this
resulted in a data use effort that struggled to be effective in spite of good intentions.

Discussion and conclusion

In our conceptual framework, we summarized five dimensions on which effective data teams can be
characterized: (1) high depth of inquiry, (2) internal attribution, (3) data are used to address students’
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strengths and needs rather than to label students holistically, (4) data are used conceptually and/or
instrumentally, and (5) data are used within a frame of continuous school improvement. In this article,
we analyzed data of two data teams that struggled on these five dimensions, as we know from prior
research on school improvement that learning from failures is very important (Stoll & Myers, 1998;
Stringfield, 1995). We focus on learning why, how, and when data team efforts struggle by using cross-
national data gathered in secondary schools in two countries. It is important to also highlight the
different outcomes for the two teams. The Dutch team ceased their efforts, but given their situation, this
may have been the right thing to do. Otherwise, they would have invested a lot of time without making
any progress. The U.S. team continued to attempt to examine data in the team context, even though their
efforts were not seen as fruitful by teachers. Their commitment to using data is important, and perhaps
over time, and with organizational changes, it will become an integral part of school improvement.
Meanwhile, the results of this study show that several leadership, school organizational, data, team, and
user characteristics hindered the functioning of the two data teams in this study. Policy conditions, in
particular the presence of a high stakes accountability system, were also a hindering factor in the US case.

Inhibiting organizational learning: less effective leadership strategies

Challenges with respect to leadership inhibited organizational learning. From previous studies
(Datnow & Schildkamp, 2017; Hoogland et al., 2016; Knapp et al., 2007; Schildkamp & Poortman,
2015, 2018; Wohlstetter et al., 2008), we know that leadership is crucial for effective data teams.
However, as this study demonstrates leadership is complex and takes place at different levels of the
system. In both cases, there were missed opportunities for leaders to effectively influence certain
school organizational characteristics and how data were used, even when positive intentions were
present (in the US case). For example, there were issues around time not being scheduled or not
being used efficiently or properly, and issues with regard to data access and technology. For the
effective functioning of data teams, school and system leaders should address these issues before
starting to work with data teams, as time, access to data, and good working technology are important
(but not sufficient) pre-conditions for effective data use (e.g., Breiter & Light, 2006; Hoogland et al.,
2016; Marsh, 2012). Leaders can also indicate to colleagues that their learning is prioritized, which is
an important condition for organizational learning to take place (Benoliel & Berkovich, 2017;
Collinson et al., 2006). Stouten, Rousseau, and De Cremer (2018) found in their review of successful
organizational change that organizations need to address their organization’s readiness for the
change, which also involves the capability of leadership to guide and implement the change, in
this case, leadership to guide and implement data use in teams. Less effective leadership hinders team
and organizational learning (Benoliel & Berkovich, 2017; Collinson et al., 2006).

Several other leadership issues emerged in both cases as well. In the United States, decisions at the
district level, while well-meaning and designed to address local needs, resulted in an inconsistency in
priorities around assessment and data use. For example, there were several changes and consequently
confusion on the assessments that needed to be used. System and school leaders need to, together
with teachers, develop a clear vision, mission, and (end) goals with regard to data use, where the
change process is intended to lead, including which data are needed for which goals (see also Farley-
Ripple & Buttram, 2014; Stouten et al., 2018; Young, 2006). It is also important that district priorities
are consistent so that data use can become an organizational routine in schools: Re-occurring
interdependent actions that involve multiple actors, which structure everyday practice in schools
by supporting and focusing interactions among school staff (Feldman & Pentland, 2003; Spillane,
2012). For organizational learning to take place, team members need to move beyond individual
learning by creating, modifying, or replacing organizational routines (Argote & Miron-Spektor,
2011; Collinson et al., 2006) with regard to data use for school improvement.

In both cases, a climate for data use and trust between the school leaders and teachers appeared to be
missing. In the US case, the teachers indicated that they felt the school leaders were not listening to what
they were saying. In the Dutch case, the lack of trust went deeper than that. According to the teachers, the
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school leaders were too far removed from the classroom and only communicated with the teachers when
there was a problem. The teachers felt like the school leaders were blaming and shaming them based on
data, instead of working together with the teachers to improve education. Data use in the Dutch team
becamemore or less a power issue, where it seemed that the school leader used data as a form ofmanagerial
control instead of using data as a tool in the school improvement process. This led to resistance, a lack of
ownership, and a lack of willingness to work in a data team to improve education. This had a negative effect
on the functioning of data teams. Collaboration, trust, and the willingness and capability to address conflict
are needed for effective data team functioning (Horn & Little, 2010; Stouten et al., 2018), as well as for
organizational learning to occur, which also requires careful attention to human relationships, purposeful
teacher interaction, and genuine collaboration (Benoliel & Berkovich, 2017; Collinson et al., 2006). Leaders
need to act as role models, as change leaders, and they need to be trustworthy, supportive, and transparent
about the change. Furthermore, they need to create a climate in which there is room for teachers’ voices,
where there is a safe environment for (data) discussions, formistakes, and for learning (Stouten et al., 2018).
Therefore, it is crucial that not only a vision and goals around the use of data are developed, but that norms
and structures that enable open and confidential discussions about data are also present (Marsh, 2012).
Moreover, school leaders should empower teachers by supporting their work in the data team and by
removing obstacles to change (Stouten et al., 2018).

Although providing individualized support is important for data use, too much pressure can
hinder the use of data. An issue that negatively influenced the functioning of the US data team was
the overly prescribed process for the examination of data. The way the school leaders framed data
use in this school led to a compliance behavior of teachers, merely filling out the requested forms.
Also, due to a lack of time and the forms of data that were prioritized, there was a lack of meaningful
and in-depth learning conversations about student learning. With regard to the data collected, the
focus on state assessment data did not help the team either, as teachers did not see the ways the
results were reported as useful in informing instructional changes. Interim assessment data showed
broad patterns in student achievement, but the protocol for examining these data was not oriented
toward focusing on needs at the individual student level. It is important that teachers are able to
voice their opinion, and that their opinion is heard (Stouten et al., 2018). This requires intellectual
stimulation on the part of the school leader(s), and also the active participation of the school
leader(s) in data teams, which was not the case in the Dutch team.

The role of leadership in this study points to the importance of social and relational influence in
supporting data teams, as documented in another study (Brown, Zhang, Xu, & Corbetta, 2018). It
also raises questions about the form and extent of the structuring that school leaders should provide
to data teams. Prenger, Poortman, and Handelzalts (2017) recommend that school leaders should
find a balance between monitoring the progress of professional learning communities, and leaving
room for discussion, reflection, and exchange of experiences and ideas. This may also be context-
dependent, as in some cases, teachers desire more structure and in other cases, they wish for less.
This may depend on teachers’ knowledge and expertise in relation to data use and the nature of
collaborative relationships in a school, as well as other factors. The policy environment may also play
a role, as compliance relationships, which teachers experience negatively, tend to be more common
in the presence of high stakes accountability systems (Datnow & Park, 2018).

Challenges at the teacher level

Team and individual teacher factors can also inhibit organizational learning. In the Dutch case, these
leadership issues not only influenced how certain school organizational characteristics and data
characteristics were shaped, but they also influenced the data team and the teachers in the data team.
One of the biggest hindering factors in the Dutch case was a lack of ownership over the problem and
goal the data team was working on. Although several students were underperforming, teachers did
not see this as a problem. As found in the review study by Stouten et al. (2018), it is important that
stakeholders believe that the reasons for change are legitimate and the direction for the change is
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rational. This was not the case for the Dutch teachers. They had a defensive and negative attitude,
which was, at least partly, if not mostly, caused by several of the school leadership issues mentioned
above. These issues also led to a negative attitude around the use of data and a lack of genuine
collaboration, which is detrimental for organizational learning (Collinson et al., 2006). In the US
case, teachers recognized that low math achievement was a problem. Although they did attribute
some of the students’ achievement to inadequate math preparation or students’ language proficiency,
they recognized that addressing their needs was an important priority. However, they struggled with
how data use was framed and implemented at their school, finding it to be an ineffective way to spur
instructional change.

The interaction of the different factors

As stated in the introduction of this article, focusing on the presence or absence of certain
characteristics may be an overly simplistic way of understanding (in)effective data teams. The
findings from this study reinforce what was previously known about the importance of the
different characteristics, such as leadership and collaboration. Vitally, however, our findings also
provide new understanding in terms of the importance of the interaction between these char-
acteristics. For example, we know that leadership support is crucial for effective data use. School
leaders in both schools tried to support the data teams, but the ways in which the school leaders
enacted their support actually hindered the functioning of the data teams. Moreover, leadership
behavior interacts with and influences the other characteristics. For example, school leaders can
facilitate data use in schools by ensuring access to high-quality data, by providing structures for
collaboration, and by providing meeting time. This can positively influence the attitude of
teachers toward the use of data. Also, having structures and time for collaboration, and having
a positive attitude, are likely to contribute to developing a shared problem and goals in the data
team. All these different aspects are also influenced by the policy context. The interactions that
we found in this study are summarized in Figure 1, which needs further research, as it is based
on only the two cases in this study.

Implications

How can data teams move from being less to more effective? As noted in the section above, the
findings from this study yield important implications for practice, particularly with respect to the
role of leadership in supporting the work of data teams and organizational learning more generally.
Additionally, several of the challenges that data teams faced in this study may be addressed by
bridging collaboration and professionalism in schools, which focuses on collaboration among
educators, between teachers and school leaders, acknowledging that all educators (school leaders
and teachers) are professional in the sense of being open, rigorous, challenging, and data/evidence-
informed (Hargreaves, Shirley, Wangia, Bacon, & D’Angelo, 2018). Data teams form a perfect setting
for professional collaboration with purpose (Datnow & Park, 2019). Under the right conditions, data
teams could be settings in which teachers have a positive attitude toward the use of evidence to
inform instruction, and are moved toward joint work because of the motivation, inspiration, and
energy that they gain from collaborating around data to improve student learning.

Moreover, data teams can enhance professional learning, if schools in which data teams function
prioritize learning for all members, students, teachers, and school leaders; attend to human relation-
ships, in which purposeful teacher interaction and genuine collaboration are crucial; foster inquiry;
enhancing democratic governance; encourage members’ self-fulfillment, and facilitate the dissemina-
tion of learning (Collinson et al., 2006).

Furthermore, for data teams to lead to school improvement and organizational learning, psycho-
logical factors, such as attitude and perceived control, also seem to be important. For example,
a study by Prenger and Schildkamp (2018) found that these psychological factors could explain
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23.9% of the variance in teachers’ data use. Further research is needed on how school leaders could
influence psychological factors such as attitude. Emotions also play an important role in the work of
data teams, as clearly when teachers experience negative experiences with data use, such as shaming
and blaming or feeling that their time is wasted, they are far less likely to be engaged. On the other
hand, positive experiences working with a productive team that is delving deeply into learning are
likely to spur teachers to become more engaged. Deliberate leadership behaviors are needed to create
the relational and social support structures for the use of data.

Further research is also needed to explore other instances of struggling data teams. It is important
to investigate whether the characteristics we identified here may be present in other instances, or
whether additional factors may be at play when data teams struggle in other contexts, and how these
factors interact. There is also a need for more cross-national studies on the topic of data use, as it
would be illuminating to examine in more depth how varied policy contextual factors influence the
work of data teams. Data use continues to be a prevalent reform strategy across the globe and
researchers, practitioners, and policymakers alike could benefit from the lessons learned in interna-
tional, comparative studies.

Leadership 

Initiating and identifying vision, norms, and goals: Inconsistencies in district priorities around assessment and 

data use; ineffective framing of data use (e.g., using a triage approach); too strong emphasis on accountability

Providing intellectual stimulation: Lack of active/effective school leader participation

Creating a climate for data use: Lack of trust between school leaders and teachers; school leaders using data 

to blame and shame

Providing individualized support: Not providing time and facilitation (e.g., collaboration structures) to data 

team members; leadership promoting an overly prescribed process for the examination of data; not solving 

logistical and technological challenges (e.g. lack of access to the data needed)

From ineffective to effective data teams

Low depth of inquiry - high depth of inquiry

External attribution - internal attribution

Data are (not) used to address students’ strengths and needs rather than to label students holistically

Data are (not) used conceptually and/or instrumentally

Data are (not) used within a frame of continuous school improvement.

Teacher factors

Lack of shared problem and goals

Negative attitude towards data use/teams

Team factors

Lack of genuine collaboration

Policy

Figure 1. Interaction of leadership, teacher, and team factors to go from ineffective to effective data teams.
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